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Abstract

In the modern age of online multiplayer gaming, toxicity in
gaming communities has become a significant issue. This
study focuses on the role of bystanders and investigates
bystanders’ player experiences and decision-making when
facing toxic behaviors in the context of Multiplayer Online
Battle Arena (MOBA) games. An interview and thematic anal-
ysis were conducted to collect the experiences of bystanders
who witness toxic behavior and reveal the responses they
employ in such challenging situations. Findings from the
10 participants’ interview study indicate that 1) bystanders
have diverse understanding and perception of toxicity, 2) by-
stander intervention strategies are affected by incentives as
well as inhibitors, and 3) bystanders are dissatisfied with cur-
rent features in the reporting system. Based on the interview
results and 5D intervention theories, in-game tools were
designed to encourage bystanders to assist the target and
improve the players’ gaming experience. The effectiveness
of the tools was evaluated through a Likert scale assessment.
Results show bystanders have a preference on intervention
tool with a direct strategy to point out and denounce toxicity.

Keywords: Online Toxicity, Cyberbullying, Bystander Effect,
MOBA (multiplayer online battle arena)

1 Introduction

In the multiplayer online gaming world, especially in the
competitive arenas of MOBA (Multiplayer Online Battle Arena)
games, toxicity has become a severe issue due to its high
competitiveness and interactivity, causing a discouraging
atmosphere to newcomers. Because of harassment in online
games, the number of players that quit playing specific online
multiplayer games has been increasing, and over a quarter
of young players’ online and offline lives are negatively af-
fected [13]. League of Legends, one of the most well-known
MOBA game from Riot Games, has been a mainstay in the
gaming world for 15 years and also a mainstay in games
being criticized for its negative and abusive in-game player
behavior.

A wide range of toxic behaviors in online multiplayer games,
including cyberbullying, griefing, hate speech (white suprem-
acist ideology and misogyny), sexism and sexual harassment,
intentional feeding, spamming, trolling, cheating, and flam-
ing [13, 14, 23], can ruin the gamer experience. To study
and address the issue of toxicity in games, numerous stud-
ies have investigated hot topics, for example, the impact of
players’ toxic behavior on team performance [30], players’
perceptions of toxicity and coping strategies [2, 36, 44], and
explanation of toxicity normalization 3, 19]. However, while
the majority of research concentrates on the perspectives
of players, perpetrators of toxicity, and victims [21], only
a minor portion, as discussed in [3, 19], examines toxicity
from the bystanders’ view. Research specifically dedicated to
understanding the role of bystanders in online competitive
games is exceedingly rare. This research seeks to fill this gap
by investigating bystanders’ experiences and responses to
toxicity in MOBA games.

Therefore, this research turns the spotlight on a group that is
often in the background in studies under an online compet-
itive gaming context: the bystanders. Bystanders in games
share a similar meaning with bystanders in real life, refer-
ring to the players who witness the toxicity but are not its
direct targets. Guided by the bystander theories [9, 24, 43]
and through qualitative interviews, this study will capture
bystanders’ perception of toxicity, revealing the process of
their decision-making and the range of actions they consider
feasible and effective when combating toxicity.

Based on the conclusions from the rich narratives collected
through the interview study and grounded in psychological
theory, the next phase of this research involved deploying
in-game tools designed to motivate bystanders in support
of victims of toxicity. The effectiveness of these tools in en-
couraging bystander intervention were rigorously evaluated
through a user survey. This dual-phase approach not only



contributes to the academic understanding of social dynam-
ics in online gaming but also offers practical applications
for game developers seeking to create more inclusive and
supportive gaming environments.

Three research questions guide this research:

RQ1: How do bystanders perceive and respond to toxicity
in online multiplayer games?

RQ2: What informs a bystander’s decision to help or support
the victim or not?

RQ3: Are in-game tools effective in motivating bystanders
to help the victim of toxicity?

By answering these questions, the research aimed to broaden
the conversation on online gaming toxicity, giving insights
into the potential of bystander intervention as a mechanism
for boosting positive player interactions and mitigating neg-
ative behaviors in MOBA gaming communities.

2 Related Works

This project involves topics of game community and various
branches of psychological concepts, which will be explained
and discussed in the following sections. With over 150 mil-
lion registered players globally, and reaching a peak of 6.4
million viewers in World Championship 2023, breaking the
all-time viewership record for a single esports event [7],
League of Legends continues to be one of the most-played
online games worldwide as of 2023 [41]. This project re-
search is based on the LOL case, which is representative of
MOBA games.

League of Legends (LOL) is a match-based team competition
game, typically with each match lasting about 20 to 40 min-
utes. Despite offering various modes, all modes in LOL fea-
ture competitive gameplay between two teams. LOL’s main
gameplay mode is a game between two teams of five players
in summoner’s rift map, competing to destroy the opposing
team’s "Nexus" located in the base. The "Nexus" is guarded
by spawned minions waves and defensive structures known
as "turrets” on three lanes and three "inhibitors" in base. The
"jungle" area are region between lanes that respawn "mon-
sters" at regular intervals1. Non-player characters including
minions and monsters provide gold and XP when getting
killed[46]. A significant portion of the strategy centers on
the development of individual character skills and coopera-
tive team dynamics in combat [47], therefore, interactions
between players, as well as between opposing teams, play
a vital role in the game’s progression. Research conducted
by Mértens et al. [32] reveals that toxic language is evident
in approximately 60% of League of Legends matches, a phe-
nomenon that is exacerbated by the intrinsically competitive
environment of MOBA games. [31] also mentioned that cur-
rent research primarily focuses on player experience and
toxic behavior.
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Figure 1. Map of Summoner’s Rift: Three lanes, base, jungle
area [8]

2.1 Toxicity in Online Gaming

Typology of Toxic Behaviors

The complexity, multifacetedness, and widespread presence
of toxicity have consistently posed challenges for game de-
velopers [4]. In previous research, toxicity in online games is
usually defined as repetitive intentional behavior or abusive
negative language that harms other players [4, 22, 23]. The
main categories of toxic behavior in MOBA games, referring
to the current report system in LOL [14], are as shown in
Fig 3 and Fig 2.

Explanations of the typical type of toxic playing behavior
[14]:

1. Griefing: Griefing’s meaning has a broad range. Griefing
refers to a form of cyberbullying specific to the online
gaming world, where individuals who derive pleasure
from hindering or disrupting the gameplay of others are
known as "griefers." [12]. It includes sabotaging the game,
hindering teammates, spamming in chat, cheating, and
using scripts or bugs.

2. Harassment: Persistent negative actions or messages aimed
at specific individuals. It includes stalking, bullying, or
unwanted attention.

3. Ping/chat spams: Excessive, repetitive pinging or send-
ing messages without a strategic purpose, often used to
criticize, annoy, or distract other players.

4. Hate speech: Expressions on targets based on their race,
ethnicity, gender, religion, sexual orientation, disability,
or any other characteristic that may be subject to discrim-
ination. E.g. homophobia, sexism, racism, and ableism.

5. Intentional feeding: The deliberate act of a player repeat-
edly allowing its character to be killed by the enemy
team, providing the enemy with gold or bounty.

Researchers classified toxicity as a form of cyberbullying
[4]. Cyberbullying and bystander effects are well-explored



areas in the field of psychology, offering a theoretical foun-
dation for examining similar phenomena within the context
of online gaming.

2.2 Conceptualizing Bystander Dynamics

2.2.1 Bystander Definition in Online Gaming. Bystander
behavior is not only a real-world phenomenon but also ex-
tends to the digital world, where individuals witness others
being targeted by cyberbullying or trolling online [28]. Draw-
ing an analogy from the bystander effect in real-life social
psychology, where individuals may be less likely to inter-
vene or take action when others are present, bystanders are
players who are not directly involved in a particular interac-
tion or conflict between other players within the game. It’s
important to note that the term "bystander” in the context
of online MOBA games doesn’t imply a lack of involvement
or contribution to the overall game dynamics.

2.2.2 Theoretical Frameworks. Bystander Effect: The by-
stander effect, first proposed after the murder of Kitty Gen-
ovese, refers to the social psychological phenomenon that in-
dividuals have a lower probability of providing assistance or
intervening in an emergency when other people are present,
often influenced by a diffusion of responsibility (Latané and
Darley, 1968) [9].

Why Does the Bystander Effect Exist?
Latane and Darley [24] identified three different psychologi-
cal processes in the completion of the bystander effect:

1. Diffusion of Responsibility: The first process is a diffu-

sion of responsibility, a phenomenon where individuals
perceive their personal responsibility to assist as being
divided among the presence of other witnesses. The more
bystanders there are, the less personal responsibility any
individual bystander will feel.
Regarding the bystander effect, when the number of pas-
sive bystanders grows, individuals are less inclined to as-
sist in an emergency situation [11]. However, in a MOBA
game, there are 5 people in a team in general. As the
number of bystanders is quite limited (up to 3 players),
it naturally forms an environment that easily breaks the
diffusion of responsibility in the bystander effect.

2. Evaluation Apprehension: The second process is evalu-
ation apprehension, which refers to the fear of being
judged by others when acting in public. Research [39]
on evaluation apprehension shows that when subjects
were required to make a decision, they prioritize acting
favorably to researchers—a phenomenon called the appre-
hensive hypothesis or "good subject role." In a competitive
gaming context, evaluation apprehension often arises
and can be influenced by multiple factors, for example,
low performance (which is frequently indicated by a low

KDA, KDA: Kill/Death/Assist ratio), causing players to
feel "unqualified” to intervene. The intervening action
might be perceived as "disrupting victory" by other play-
ers within the team. And sometimes, players are worried
about the stigmatization that can occur when a player
defends a victim of a different gender, e.g., to be mocked
as a ’simp’ (Simp is an internet slang term describing
men who submit themselves excessively to women to
gain attention, usually in pursuit of affection or a sexual
relationship [16]).

3. Pluralistic Ignorance: where almost every individual in a
group internally rejects what they believe to be the dom-
inant opinions and convictions of the group as a whole.
In the competitive game context, pluralistic ignorance
could exist in the form that, every bystander player keeps
silent assuming other bystanders would prefer to keep
silent even if they have some secret intention to help.

Bystander Intervention: The concept of bystander interven-
tion introduced by Darley and Latané [24], posits that a
bystander’s degree of responsibility to act in emergencies is
dependent on three factors: 1. Their perception of the vic-
tim’s need for help; 2. Their ability or competence to provide
aid; 3. The relationship between the bystander and the vic-
tim. Furthermore, Latané and Darley categorize the means
of intervention into two types: 1. Direct intervention: offer-
ing immediate aid to the victim; 2. Detour intervention: this
involves seeking help from official authorities, such as the
police or fire department. These concepts are foundations
of intervention and evolve into 5D bystander intervention
training we know today.

2.2.3 Bystander Intervention Model. Origins: For al-
most forty years, the Bystander Intervention Model (BIM),
introduced by Latané and Darley [24], has been vital in ex-
plaining the conditions that determine an individual’s deci-
sion to either assist or not assist others during emergencies.
This model outlines five stages required for a bystander’s
intervention: 1) notice the event, 2) recognize the situation
as an emergency, 3) feel responsible to help, 4) decide how
to help, and 5) take action to provide help. Study [10] makes
use of the bystander intervention model in the social media
context, and its results indicated that bystanders prefer indi-
rect intervention to direct intervention, and users who were
exposed to viewers were more likely to increase a sense of
personal responsibility.

2.2.4 Existing Tools: 5 D to be The Active Bystander.
5Ds comes from Green Dot (renamed as Alteristic), who pio-
neered the 3Ds of bystander intervention, Distract, Delegate,
and Direct. In 2015, Right To Be, partnered with Green Dot,
expanded those to include Delay, and in 2017 they expanded
them again to include Document [43].



The 5Ds, namely Distract, Delegate, Document, Delay, and
Direct, represent five strategies bystanders can employ to
aid victims of harassment. These approaches underscore the
unacceptability of harassment and convey to individuals the
ability they possess to enhance the safety of their commu-
nity [43]. Crafted to ensure safety and avoid aggravating the
situation, these strategies are mostly indirect (4 indirect and
1 direct).

Explanation of the 5D in a general sense:

1. Direct: Respond directly to harassment by identifying the
inappropriate behavior confronting the person who is
responsible for harming.

2. Distract: Simply distract the attention of the harassing
person by interrupting it. E.g. talk about something com-
pletely unrelated.

3. Delegate: Delegation is asking a third party (authority)
for help with intervening in harassment.

4. Document: Documentation involves carefully recording
evidence of the harassment while the bystander has to
first ensure its safety.

5. Delay: After the incident, approach the victim to offer
support, showing that they are not alone.

In the context of toxicity in online competitive games, strate-
gies in the "5D intervention tool" can be applied to boost by-
stander intervention. These strategies empower bystanders
to actively address and mitigate toxic behaviors within gam-
ing communities.

2.3 Personal Traits in Bystander Intervention

Big 5 personality traits/Five-Factor model of personality: The
Big Five personality traits, known as "the Five-Factor Model
of Personality," constitute a framework for analyzing person-
ality through five distinct characteristics [40]. Starting in the
1990s, this model delineates five factors (CANOE) and ten
corresponding values. The framework divides each factor
into two comparative values as follows [38]:

1. Conscientiousness: (efficient/organized vs.
extravagant/careless)

2. Agreeableness (friendly/compassionate vs.
critical/rational)

3. Neuroticism (sensitive/nervous vs. resilient/confident)

4. Openness to experience (inventive/curious vs. consis-
tent/cautious)

5. Extraversion (outgoing/energetic vs. solitary/reserved)

Research [37] applied the five-factor model of personality
to predict if personality traits affect the probability of a by-
stander either passively watching cyberbullying online or
actively stepping in to protect the victim. Findings revealed
that personality traits can predict bystander actions, with
higher degrees of agreeableness and extraversion linked to
an increased likelihood of defending victims. The study also
showed that neuroticism alone was not a significant predic-
tor of bystander intervention among both male and female
participants. Further study [20] results show that higher
levels of extraversion trait and lower levels of openness,
conscientiousness, and agreeableness are related to toxicity
perpetration and suggest personalized interventions tailored
to individual personalities could be a new approach in com-
bating toxicity.

2.3.1 Social Identity Theory. Research on altruism indi-
cates that the likelihood of bystander intervention increases
when there is a similarity between the helper and the person
receiving help. In an experiment in [26], researchers found
that bystanders are more willing to assist an injured indi-
vidual if they are wearing the jersey of a football team the
bystander supports, rather than that of a team they dislike.
However, when their shared identity as football fans was
emphasized, supporters from both teams were more likely to
receive significantly more help than an individual wearing a
plain shirt.

2.3.2 Passive Observations and Non-Intervention. In
the online competitive game context, literature [3] has dis-
cussed the reason why bystanders remain passive to toxic
behaviors. Some bystanders who have experienced a high
level of toxicity rationalize toxic behaviors as a common
thing of games and they are acceptable (experiential factor:
Bystanders with experience being a perpetrator are more
accepting toward bullying [42]). Some bystanders with high
moral disengagement think it is not their obligation to react
(psychological factor: moral disengagement).

2.4 Contextual Factors Influencing Bystander
Responses

Game design elements, such as reporting systems or in-game
moderation, can influence bystander behavior. If these sys-
tems are perceived as ineffective or if there’s a lack of trust
in them, bystanders are less likely to report or intervene in
toxicity.

The easiest way for bystanders who are willing to help but
do not like chatting is to report the toxic player. Riot has an
automated reporting system that is triggered when a spe-
cific behavior is detected in the game. For example, a handy
Blocked List that Riot uses to catch the most blatantly of-
fensive offenses and instantly mute the player in a game
[1]. However, the block list is often insufficient, as players
can easily bypass it by omitting letters or adding/replacing



numbers or special characters in offensive usernames and
messages. [6].

The other part of the reporting system relies on the players
themselves. They can report toxic players in and after the
game.

Current Shortcomings

1) Reporting System: The reporting system does not have a
good reputation among LOL players [36]. Players complain
about the reporting system, as it is unclear what happens
to the reports after they are sent to Riot. The player who
submits the report fails to confirm the status of their reports,
sometimes they are notified of the result of their submission
saying a penalty is applied while sometimes not.

2) Smart Ping Wheel: Because of the smart ping wheel’s
question mark shape, the use of Enemy Missing Signal rep-
resents different meanings in various contexts now. Except
for reporting a missing enemy, the signal means praise for
outrageous player skills when someone performs well, but
it also signifies players’ frustration or anger, or questioning
regarding a teammate’s absurd actions, ridiculous strategy,
or lack of awareness of an approaching enemy. Spam of the
enemy missing signal or pinging a player is also regarded
as toxic behavior, which is a consensus among nearly all
League of Legends players.

e Reporting System in MOBA games

1. League of Legends (current version): The current re-
porting system in League of Legends allows players to
report a player in both ongoing games and post-game.
Players can report the player at any time in a game and
update their report later. In the post-game report, players
can give additional descriptions to the context if toxic
behaviors are not included in the selection list, including
those that happened in champion select or post-game.

Report Player
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10/9/1¢€
SUBMIT

Figure 2. Report system interface in an ongoing game of
League of Legends 2023
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CHEATING
Win-trading, botting, using unapp

OFFENSIVE OR PROPRIATE NAM

Contains hate ch, profanity, or

Figure 3. Post-game report system interface of League of
Legends 2023

2. Old League of Legends Reporting System: The previ-
ous League of Legends system employed the Tribunal
[45], where volunteer players reviewed submitted reports.
This system was later replaced by the reporting system
as described above.

o Communication Features in LOL: Smart Ping
Smart Ping is a radial menu that includes eight alerts.
These can be used to communicate complex strategies
within the team faster and more safely than typing.

2.5 Bystander Intervention Research in Online
Contexts

Research shows that young people frequently encounter dis-
ruptive behavior online, yet only a small portion choose to
intervene [25, 34]. Research [18] systematically reviewed the
personal and contextual factors that determine bystander
actions: "empathy, prior victimization, feelings of responsi-
bility, severity, social norms, relationship with the victim
and number of bystanders". Another systematic review ex-
amined the use and effectiveness of positive behavior strate-
gies across various environments, aiming to identify ways
to adapt these interventions for multiplayer online gaming.
It suggests that tootling and good behavior games are the
most suitable for application in multiplayer online gaming
[29]. Research [17] discussed that emphasizing transparency
through public removal explanations intended for the pun-
ished users significantly influences the increasing posting



Figure 4. Smart ping wheel and Enemy missing signal

behavior of bystanders. Research [23] highlighted that a clear
request to report toxic behavior from a third-party player
greatly increases the likelihood of reporting, suggesting that
actively encouraging reporting should be integrated into the
design of systems to manage toxic behavior.

Research has also shown that individuals must receive by-
stander behavior education to effectively intervene when
an incident occurs [18, 24, 33], so there is a need for Game
companies to invest in educating and motivating their com-
munities to raise awareness and encourage players to act as
positive bystanders [23], like the "summoner’s code" in LOL
official game community [15].

3 Research Motivation

While previous studies offer valuable insights, there remains
a gap in understanding the specific role of bystanders in gam-
ing environments and how in-game tools can empower them
to positively influence the gaming experience. Meanwhile,
players have called on a desire for interventions from game
developers but so far the success of existing measures is still
limited [35]. Researchers in [2] also called out for building
tools that encouraging bystanders to take actions in online
games. This research aimed to fill that gap by investigating
bystander experiences and testing the effectiveness of de-
signed intervention tools.

Here we form the research questions:

RQ1: How do bystanders perceive and respond to toxicity
in online multiplayer games?

RQ2: What informs a bystander’s decision to help or support
the victim or not?

RQ3: Are in-game tools effective in motivating bystanders
to help the victim of toxicity?

4 Study 1: Bystander Player Interview

To answer RQ1: How do bystanders perceive and respond to
toxicity in online multiplayer games? and RQ2: What informs
a bystander’s decision to help or support the victim or not?,
this study surveyed how bystanders in a game perceive toxic
behaviors. It investigated what kinds of toxic behaviors by-
standers consider to be mild, moderate, and severe, whether
they will help the victim, and what factors bystanders con-
sider when making decisions about helping and not helping.
The insights from the interviews optimized the design of the
in-game tools for bystanders in Study 2.

4.1 Methodology

Data Collection:

Interview: Bystander Perception of Toxicity

1) Participants: In the process of registering as an intervie-
wee, before the interview took place, potential participants
were contacted through the gaming community and Erasmus
Esports Club in the Netherlands, and the competitive gam-
ing social platform (Douban Group) in China. Therefore, 5
interviews were conducted in Chinese and 5 in English. They
were selected to ensure they met the predefined recruitment
criteria. Participants were those who self-identified as expe-
rienced League of Legends players who had been exposed
to in-game toxicity. Both gameplay in SR (Summoner’s Rift)
and HA (Howling Abyss) map count. For the interview, 10
participants over 18 years old were recruited: 6 male and 4
female. On average, participants have a 7.85-year LOL ex-
perience (ranging from 2.5 to 11 years). They have a broad
variety of game mode preferences (rank(n=6), ARAM(n=4),
quickplay/draftpick(n=4)), rank tiers, and preferred positions
in the Summoner’s Rift map.

2) Interview phase: All interviews were conducted within
2 weeks in late March 2024, which corresponds to Patch
14.6 version in League of Legends. To start with, I verified
the participants’ information. The selected participants were
informed about the purpose of the study, ethical considera-
tions, and the interview process, and signed a written/online
consent form to participate in the interview. The interview
could be paused or ended at any moment if the participant
wished to do so. During the interview, though participants
were informed that they could stop at any time if they felt
uncomfortable, no interviewees asked to stop, which was
either because they were used to the toxicity or because they
had a strong desire to talk about the toxicity they were ex-
periencing. The interview took place in a physical location
or an online meeting agreed upon by the participant. In the
semi-structured interview, I asked questions about the partic-
ipant’s background to collect demographic information and



Table 1. Semi-structured Interview Questions

Questions

Participant Background

1. How long have you been playing League of Legends?

2. On average, how many hours per week do you spend playing League of Legends?

3. Which game mode do you usually play?

4. If you play rank mode regularly, what’s your latest rank tier?
Perception of Toxic Behaviors

5. In your own words, how would you describe ’toxic behavior’ in League of Legends?

6. How frequently do you encounter what you consider toxic behavior in League of Legends?

7. In your opinion, what types of behaviors would you classify as mildly toxic in League of Legends? Why?

8. What behaviors do you believe are severely toxic? How do these differ from mildly toxic behaviors?
Response to Toxicity

9. As a bystander in a game, have you ever intervened when witnessing toxic behavior in League of Legends?

10. If you have intervened, what prompted you to do so, and how did you approach the situation?

11. If you have intervened, what form did your intervention take?

12. If you chose not to intervene, could you explain your reasons or concerns at that moment?
Decision-Making Factors

13. What factors influence your decision to help or not help a victim of toxic behavior?
Additional Insights

14. In your opinion, what could be done to reduce toxic behaviors in League of Legends?

15. In your opinion, to combat toxicity, what are the drawbacks of the current UI system in League of Legends?

open-ended questions to gain rich insights, as shown in Table
1. Follow-up questions and new topics that emerged during
the conversation were asked to obtain deeper insights. Par-
ticipants were asked open-ended questions about the view
of the initial tools design concepts: "Will you use this tool or
not in games when toxicity occurs, why?", "Do you have any
suggestions to improve the tools?".

3) Post-interview phase: In the post-interview phase, inter-
view recording and notes were backed up securely. Tran-
scription followed, converting the audio recordings into text.
Then there was an initial review of transcription, aiming at
identifying noteworthy patterns. Then I established a follow-
up communication with participants in case of any ambigui-
ties. Each participant was given an 8-euro reward.

4.2 Thematic Analysis

Coding. To analyze the responses, I conducted a thematic
analysis proposed by Braun and Clarke [5]. This research
used NVivo 14 for the thematic analysis process. After tran-
scription, five transcribed textual materials were linguisti-
cally translated from Chinese into English. After reading and
getting familiar with the interview data, based on the original
BIM (Bystander Intervention Model), I encoded the interview
dialogues into several codes and hundreds of subcodes. The
thematic analysis was initially carried out deductively, based
on the steps in the original Bystander Intervention Model

[24]. However, the content of the interviews contains devi-
ations from the BIM, so inductive coding is also used. This
qualitative study aimed to gain a rich understanding of the
bystanders’ perceptions and responses to toxicity, as well as
the decision-making process and outcomes of the bystander
intervention process in online gaming. Codes addressed both
semantic content (i.e., participants’ explicit responses) and
latent levels (i.e., underlying assumptions within their state-
ments).

Identifying Themes. Regarding the frequently appearing codes,
I categorized and re-categorized them to formulate a set of
preliminary themes, extracting patterns among them to be-
come the themes and sub-themes below. Overall, the the-
matic analysis resulted in 109 codes, used to create 4 overar-
ching themes.

4.3 Results

In examining the bystander perception and response to toxi-
city in MOBA games, the following 2 themes were presented:
(1) Perceptions of Toxicity and Definition; (2) Behavioral Dy-
namics of Responding to Toxicity. Two themes are presented
in examining the decision-making process and outcomes
of bystander intervention to toxicity in MOBA games: (3)
Motivations and Barriers to Intervention; (4) Systemic and
Environmental Influence.

Table 2 shows the main themes and sub-themes, and their



components. Note that I coded responses by recognizing that
aspects influencing bystander perception (RQ1) are likely to
impact the decision-making process for intervention (RQ2).
Each theme is discussed below with illustrative quotes la-
beled by the participant’s game mode and LOL experience.
Verbatim quotes were lightly edited for readability by remov-
ing extraneous fillers and repetitions, preserving the original
meaning. The square-bracketed text within the quotes pro-
vides contextual supplementation.

4.3.1 Theme 1: Toxicity Perception and Definition.
The first theme includes codes related to how toxicity is
defined and understood within the gaming community, in-
cluding what results in toxicity and what is rarely considered
to belong to toxic behaviors.

Root of Toxicity. When asking participants about what results
in toxic behavior, multiple participants have mentioned that
the toxicity comes out of a sense of frustration players gain
in games. In general, it is a case when teammates’ game skills
do not meet their expectations.

"Toxicity stems from being frustrated. Not really that
people are actually mad at each other, but it’s the
frustration on basically what is expected from an-
other person. E-Sports has become so big and there
are a lot of guides out there, right to tell you how
to play. It is kind of, that people expect much more
from their player base than they should. And then
if there’s disparity [in matchmaking], then they get
really frustrated, and then they become very toxic."
(N10, Rank, 9 years)

High-skilled players expect more from high-rank teammates.
"In high-rank tier people ping spamming and ask why are
you doing this? But in low-rank tier, I would not blame any-
one." (N5, Rank, 11 years); "A lot of people can get really
frustrated if they don’t win and they need to type their frus-
tration to their teammates that are maybe underperforming
or not trying their hardest" (N7, Rank, 10 years); "The play-
ers that you don’t know, they start kicking at you because
you’re supposedly not as good as they are [rank/level icons
show players’ tier]. When they start telling you what you’re
supposed to do, if it’s not to their expectations and they lose
patience, then it’s they who like to become angry about it.
It’s because you’re not learning fast enough" (N8, QuickPlay,
5 years).

Sometimes, the toxicity comes from frustration, and the frus-
tration comes from the high ego (egocentrism) of the toxic
player.

"I think these people are just frustrated, to be honest.
The thing about a game is that you like winning. The
idea of losing needs to be blamed on someone, that is
in their mind, like I have skills, I'm the main character,

I'm great. So let’s find something to blame or someone
to blame as to why I'm losing. It’s as if I find a way
to release frustration." (N9, ARAM, 7 years)

"In EUW, players pay more attention to the players’ enjoy-
ment in games. If you don’t satisfy him [the toxic player] in
game, he [the toxic player] will probably make some toxic
behaviors directly." (N2, QuickPlay, 8 years).

Leaders in the game community could also contribute to
environmental toxicity. Participants stated that streamers’
toxicity could affect the community and thus affect the en-
vironment because normal players may imitate them. "Basi-
cally, these big streamers, they’re toxic in their streams to
other players, so I think that like. It brings the culture into
regular games, like people try to imitate toxic streamers"
(N6, ARAM, 9 years).

Toxicity Definition. When defining toxic behavior in LOL,
most participants give definitions within the range of Riot’s
official definitions. However, there are some new definitions
of toxic behaviors that certain participant experiences fre-
quently. Being too selfish [such as CS/economy stealing] is
toxic. "I think if Graves [a character in LOL] normally farms,
he may win, but if this guy takes three-lane CS and claims
that he can carry the game, the chances of winning may
increase, but I think he is a selfish person, and this kind of
behavior is toxic." (N2, QuickPlay, 8 years).

When arguments occur, a teammate who tries to mediate
differences with the sacrifice of principle is also toxic. "For
example, when he knows that you have done nothing wrong,
but then a teammate starts to verbally attack you for no
reason. That is, your other three teammates know that you
are innocent. Then they don’t say anything at this time, but
if you just fight back a word, they just blame you very soon,
saying stop it, they don’t let the victim explain, that’s it. It’s
not as bad as that kind of direct verbal abuse, but it’s actually
quite disgusting" (N2, QuickPlay, 8years).

Trying to force others in games is also toxic. "They, like,
start being controlling. And then when they get angry at
you for not doing what they expected then that’s when it
becomes severe!" (N8, QuickPlay, 5 years).

Toxicity Perception. The perceived severity and frequency
of toxic acts have large individual differences. To some par-
ticipants, verbal abuse is very severe, whilst to others it is
toxic but still acceptable compared with hate speech. How-
ever, there is an overall trend that verbal abuse, hate speech,
cheating, and intentional feeding are severe toxic behaviors,
while AFK, offensive name, and negative attitude are less
toxic.



Table 2. Themes Structure

Main Themes Sub-themes Components
Toxicity Perception and Definition Root of Toxicity Frustration, egocentrism, leader ef-
fect
Toxicity Definition Selfish gameplay style, biasing, co-
ercion

Toxicity Perception
Positive Bystanding

Behavioral Dynamics of Responding to Toxicity

Intervention Outcomes
Incentives

Motivations and Barriers to Intervention

Inhibitors

Systemic Shortcomings

Systemic Features and Suggestions

Severity. Participants reported that verbal abuse is the most
toxic behavior. "Well, if it’s verbal abuse or afk or something,
I think it’s quite annoying, but I think verbal abuse is the
most annoying." (N3, ARAM, 2.5 years). However, some other
participants reported that hate speech and cheating are the
most toxic behaviors. "Hate speech is like the worst, and
then maybe like griefing and ,like win trading."(N6, ARAM, 9
years). "Cheating is just not fun for everybody that’s playing
the game. I think it’s unfair for everybody, but it’s still part
of the game, so it’s cheating is like the worst thing you can
do in the game, but the hate speech is even worse because it
can also affect you outside of the game."(N7, Rank, 10 years).

Participants reported a negative attitude, and inappropri-
ate IDs are less toxic. "Least toxic would be negative attitude
then offensive name"(N7, Rank, 10 years). "And I personally
think offensive or inappropriate names is something that
right should deal with it themselves. I feel like this is like
the least" (N10, Rank, 9 years).

Frequency. Regarding the frequency, the rank mode, followed
by draftpick [normal mode in SR map], contains a higher
frequency of toxicity due to its competitive characteristics,
whilst the fun modes have less toxicity.

"If I play rank then the the verbal abuse is in almost ev-
ery game, so it will be or from your teammates or from the
enemy team." (N7, Rank, 10 years). "Especially in ranked, it’s
not in a good state right now. The toxicity is pretty high, I
would say. If it’s ten rounds, if you rank, you probably have

Systemic Responsiveness

Severity and frequency

Motivate, support victim, confront
perpetrator

Toxicity mitigation, escalation, static
Intervene to win, worthwhile, en-
joyable player experience, out of jus-
tice, empathy

Distrust, fear of bad consequence,
tiredness, Schadenfreuder (players
who take pleasure in other’s misfor-
tune)

Penalty insufficiency, unintelligent
toxicity detection mechanics
Credit system, rewards, Top-down
game community management

it every game. If you play other modes, it may be less." (N4,
QuickPlay, 8 years).

4.3.2 Theme 2: Behavioral Dynamics of Responding
to Toxicity. This theme includes the actions taken by by-
standers in response to toxicity, including both direct inter-
vention and other forms of response such as reporting or
supporting victims.

Positive Bystanding. Participants reported various strategies
of response when encountering toxic behaviors. Some of
them would try to give positive feedback to teams, includ-
ing supporting victims and motivating all team members,
while some of them would try to confront the toxic player. 7
participants claimed that if they decided to intervene, they
would act positively.

"My approach of solving this kind of problem is not
just to motivate your team, but to give them confi-
dence, to tell them, you don’t really need to argue
with your own team." (N10, Rank, 9 years)

"Maybe give positive feedback to the guys who are getting
flamed on." (N6, ARAM, 9 years). "Now I will seriously tell the
victim that there is nothing wrong with his playing, but there
is something wrong with the toxic player" (N2, QuickPlay, 8
years). A participant would even send private messages to
console the victim after the game. "I think I’'ve done it once
where I privately messaged the victim and I asked if he/she
was okay!" (N8, QuickPlay 5 years)



Meanwhile, 5 participants said they would positively sup-
port team players while also taking actions to counter toxic
players, as these two types of responses are not mutually ex-
clusive. "It is pointing out that this toxic behavior is wrong."
(N1, Rank, 9 years). There are times when bystander inter-
vention form is ‘fighting violence with violence’, but it’s still
a way for the bystanders to express their disagreement with
the toxic player’s behavior. "I will ping that person who is
pinging others" (N3, ARAM, 2.5 years). "If that toxic person
insists on abusing then I just blame the toxic player. What
else can I do?" (N2, QuickPlay, 8 years).

One participant provided an indirect approach: He would
suggest that the victim mute the toxic player, which could
be categorized as a positive intervention, as it makes the
victim aware of possible actions against toxicity. "So most
of the time I just mute the person that’s typing and being
angry. And I advise my team to do the same. I'm trying
my best to win the game, and I hope my team is doing the
same and not focusing on all of the other people that are
maybe not playing." (N7, Rank, 10 years) Another participant
suggested convincing the team with reasons. "I mostly try
reason. I don’t like insulting people. I don’t think we need to
go through insulting. I go towards reasons and be reasonable.
“This the team game we’re playing it together.” (N9, ARAM,
7 years).

Intervention Outcomes. Being curious about whether bystanders’

intervention above affects toxicity interruption or mitiga-
tion, I asked about their intervention outcomes. Participants
identified 3 potential outcomes following a bystander inter-
vention: 1) Reduced Toxicity: After a bystander intervenes,
the toxicity level in the ongoing match decreases, creating a
more positive environment. 2) Increased Toxicity: In some
cases, intervention leads to an escalation of toxic behavior.
3) Unchanged Toxicity: The intervention has little to no ef-
fect, and the toxicity level remains the same throughout
the match. The likelihood of each outcome appears fairly
random, mainly depending on whether team players are frus-
trated.

Some participants stated that toxic players may still be ar-
guing and cursing at each other, but to a lesser extent, and
eventually, they continue to play the game seriously. "When
it actually works, they would still be mad at each other. They
would still ’Miss Ping’ each other, but they would play the
game." (Miss Ping: spamming question marks to teammates, it
is an aggressive way to ask someone "What are you doing?")
(N10, Rank, 9 years).

Participants also mentioned that sometimes intervention
works, though the success rate is low. "It works if I say it
in a firm manner, but it doesn’t have a high rate of being
useful, even though I usually say it in a yelling tone of word"
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(N4, QuickPlay, 8 years). "The toxic person, may shut up
and play the game, or they may stop quarreling after per-
suasion, but the success rate is not high". (N2, QuickPlay, 8
years). Sometimes the toxicity is less because the victim fol-
lows bystander’s advice to mute the toxic player, "One time
where there were multiple other players in our team that
were agreeing with me and then we just ended up muting
the person." (N8, QuickPlay, 5 years)

In terms of those failed interventions, one of the outcomes is
the toxicity gets worse, such as "it escalates in verbal abuse"
(N9, ARAM, 7 years) and the intervener starts getting at-
tacked, "they’ll start flaming me sometimes" (N6, ARAM,
9 years), suggesting the difficulty of applying the "Direct”
strategy in Bystander Intervention Model in a competitive
gaming context. A counterintuitive fact mentioned by one
participant is that she was attacked by both the toxic player
and victim after the intervention, "It’s more likely that the
two will scold me together, the feeling is I have become the
one who joined the arguments by default” (N4, QuickPlay, 8
years).

The other type of failed intervention outcome is the match as
toxic as before: "Their result is generally to continue to quar-
rel, I feel intervention is useless, to be honest." (N3, ARAM,
2.5 years).

4.3.3 Theme 3: Motivations and Barriers to Interven-
tion. This theme covers the internal and external factors
that encourage or discourage bystanders from intervening,
such as the aim of winning, personal beliefs, fear of retalia-
tion, and perceived effectiveness of the intervention.

Incentives for Intervention: There is a broad range of motiva-
tions for intervention. One of the most frequently mentioned
reasons is that the bystander is very competitive. Participants,
especially Rank players usually try to intervene to ensure
everyone can actively play the game thus winning the game.

"The most important reason is I want to win the game,
and if my teammates are being angry or being angry
at each other, I think they start to stop focusing on
the gameplay and start focusing more on fighting
against each other, then I will have a less chance to
win." (N5, Rank, 11 years)

Another case for a bystander to intervene actively is when a
bystander perceives the toxicity as worth intervention, this
could be due to the toxicity being quite severe, or the toxic
player is making trouble out of nothing. This motivation is
sometimes related to "intervene to win" because bystanders
consider the severe toxicity to affect team cooperation.

"Uh, under what circumstances will I intervene? That
is to say, when it is no longer about game skill. For
example, if a person insults a person just for playing



bad, but he curses his parents or families, I think in
this situation I will intervene!" (N1, Rank, 9 years)

If toxicity within the team becomes excessively severe and
constantly affects other teammates’ ability to continue play-
ing—such as obstructing their performance or provoking
them to join in attacking each other—then it is a situation
worth intervening in. "If it’s gets really toxic and affects the
whole team, I would usually say like, hey, can you cut it out,
let’s just play the game because maybe it’s salvageable to
win the game. " (N6, ARAM, 9 years).

One participant mentioned that League of Legends play-
ers have a kind of discrimination born of stereotypes against
the players who choose to play enchant support charactors,
and engage in toxic behavior towards them when at a disad-
vantage in a game. "Well, just for me, who has no brains and
begins to cry for having enchant supports, I will help." (N4,
QuickPlay, 8 years); Another participant said that if someone
attacks others without provocation, possibly driven by an
antisocial mindset, then he will stand out. "If another person
keeps insulting the person who didn’t do anything, then I
must be 100% involved. " (N2, QuickPlay, 8 years);

Bystanders may also intervene because they tend to sustain
an enjoyable playing experience.

"I want to win, but I would like to have a good game
of League of Legends. So for example, if I lose a game,
right? But every team fight was very drawn out and
everything was used correctly and we just lost be-
cause someone just played better in the enemy team
then it feels really nice because I feel like I've learned
something from it or if we’ve made a really good
comeback. Because we played together, we played as
a team, and we made the correct choice of calls, right?
Yeah. Then this feels very rewarding. And I feel like
I've learned something and I enjoyed it because if
someone has a dispute in minute 5 and then decides
to not play the game correctly, the game is kind of
boring. I can’t take anything." (N10, Rank, 9 years)

"I used to say, like, just shut up and play the game because
everybody queued up and wanted to play the game. Nobody
queued up and was like, oh, I'd like to get cursed. " (N7, Rank,
10 years).

In addition, bystanders would intervene out of a sense of
justice. "...I think that even in a relatively normal social sit-
uation, I will make the same decision, for example, there is
a very bad person and bullying a good person. At this time,
you feel that you will speak for a good person. It’s just moves
from a real scene into the game." (N3, ARAM, 2.5 years).

Another intervention reason is the bystanders’ empathy for
victims, or to themselves. Bystanders sometimes choose to
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intervene because the situation reminds them of the history
of being attacked and helpless. When bystanders put them-
selves into the victim’s situation in the current game, they
tend to intervene. "To me, it’s like, why would you do this
to someone who’s learning when you were in the same situ-
ation? " (N8, QuickPlay, 5 years); "I think it’s because I hate
this kind of behavior of watching and then not intervening.
So when I see it [toxicity], I definitely don’t want to be that
kind of person I hate, so I will intervene." (N2, QuickPlay, 8
years);

Inhibitors for Intervention: The reasons and conditions for by-
standers to choose not to intervene are complex. A bystander
could stay with no action in a game but may intervene ac-
tively in the next game. The most frequently mentioned
inhibitor is the bystanders’ distrust. The distrust includes
many aspects, such as distrust of being able to win this game
due to the desperate team economy gap or skill gap or ban-
pick diffrence. One participant claimed that if he encounters
the toxicity which he would intervene in most cases, but the
game situation is like-there is already no chance to win the
game, then participant would not intervene. "It depends on
the situation of the game, for example, the economy. These
things are that I will make a judgment myself, whether there
is any hope of winning. If there is any hope of winning, I
will intervene, but for the kind of game that it is, maybe at
the moment of entering the game. I have already felt you
will lose because of the draft diff [differences in character
selection before the game starts]. " (N5, Rank, 11 years). An-
other kind of distrust is the distrust of the system. Some
players believe toxic players won’t be severely punished or
banned even if they are reported for their toxicity. They feel
the reporting system prioritizes unauthorized skin-changing
behavior (Skin change cheating: using skin changer tools
developed by individuals is regarded as a form of cheating
by Riot, which could result in account ban punishment.), be-
cause it impacts skin sales, which in turn affects Riot Games’
revenue. "I feel that the reporting system does not work well.
If it is not skin change cheating, it doesn’t matter at all. Riot
will not punish that" (N1, Rank, 9 years). Another distrust
is that players do not believe that their teammates could
be convinced to stop being toxic and play in a right way. "I
think that quarreling in this kind of game is generally pure
emotional venting, so I think if you try to discuss with them
and try to comfort them, it seems to be useless. " (N3, ARAM,
2.5 years).

The second often-mentioned inhibitor is the bystanders’ fear
of negative consequences after intervening, which includes
the worry of the carrying person dropping the game and
being attacked by the toxic player or putting more fuel into
the fire. "If we’re winning and he’s carrying the game and
we like, like, say something to him, he’s just gonna throw
the game. So it’s like it’s bad. " (N6, ARAM, 9 years); "If I



jump into that, there’s a solid chance you just gonna harass
me with." (N9, ARAM, 7 years);

Additionally, participants as bystanders could also keep silent
when they are physically or mentally tired in a game. "for
example, I am tired like I can’t really now you know, I don’t
have the energy to do so, you know, then I would probably
not intervene. But I think mentally a bit more so. For ex-
ample, if I'm really frustrated. So, for example, if this is the
second game in a row where something." (N10, Rank, 9 years).

Two participants stated that they sometimes do not inter-
vene because they like watching people arguing out of an
instigating mentality. "If they curse each other, maybe it’s
fun to watch them like watching a drama. " (N2, QuickPlay, 8
years); "Sometimes the quarrel between these two people is
particularly interesting, and I just want to see them quarrel.
" (N4, QuickPlay, 8 years). They claimed that it is because
the toxicity is so common and everyone is used to it, so
there is no need to intervene sometimes. And some people’s
language when they curse is very eloquent, so it’s worth
watching.

4.3.4 Theme 4: Systemic Shortcomings. This theme dis-
cusses the gaming platform’s system, such as policies and
community support structures, and player suggestions for
system optimization.

Systemic Responsiveness. To delve deeper into the impact
of the game system on bystander intervention, we asked
participants about their perspectives on the whole system,
including toxicity detection, reporting system, and gaming
community management system. Some participants high-
lighted that it is because the penalty system doesn’t hit the
nail on the head, so the toxic player can unscrupulously
spread their toxicity. "Because there used to be something
called "The Tribunal’, which was quite serious, but it was
removed later. I think Riot should increase the punishment."
(N5, Rank, 11 years) (Tribunal is a system to help discipline
players and keep the community in check with the help of their

peers.)

Some participants mentioned that the detection of toxic be-
havior is not intelligent enough. Players can avoid the low-
priority queue penalty by holding 2 accounts and switching
between them. "A lot of people have like 2 access accounts
that they just switch over to another account and they switch
over to another account." (N9, ARAM, 7 years). Participants
even stated that it is because Riot is a company focusing too
much on profitability and thus unwilling to spend money on
research verbal abuse detection and act passively to block
many accounts because it would affect its revenue. "Their
language monitoring is not good at all. And sometimes I
think it’s not that they can’t do it, but that they don’t want
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to spend money on it" (N2, QuickPlay, 8 years). "You can’t
really say as a game company for, oh, we’re going to ban you
or something because they are just trying to make money
with their skins." (N7, Rank, 10 years).

Systemic Features and Suggestions. Multiple participants sug-
gested that League of Legends designers should learn from
the design of other games’ credit systems, such as Dota 2.

"Do a little bit of like research on the Dota 2 behavior
system, or like a credit system in general, so that if
you get reported that you are like like certain features
are locked, but if you behave well, for example, what
I had in mind would be if you are on a Level 5, then
you have access to everything. But once you are not
on Level 3, you are not allowed to ping certain things.
If you are on level 2, you're not allowed to type in
chat. And if you’re on a level 0, you are not allowed
to queue up ranks!" (N10, Rank, 9 years)

Participants also suggested redesigning the honor system
to provide more useful rewards instead of an annual skin. "I
think it makes much more sense than just giving us Grey
Warwick. I don’t want Grey Warwick. I hate Medieval Twitch,
there is no incentive to be honorable in League of Legends."
(N10, Rank, 9 years) (Warwick and Twitch, characters in
League of Legends).

Additionally, participants suggested Riot block toxic stream-
ers or prevent them from being toxic because they set a bad
example for the gaming community. "I think you have to ban
the.. like [toxicity from] the big streamers, or at least like
force them to stop being toxic" (N6, ARAM, 9 years).

5 Study 2: In-game Tools Design

Inspired by the "5Ds" concept discussed in the related work
section, I designed in-game tools to mitigate bystander ef-
fects, thereby enabling effective bystander intervention for
victims of toxic behavior in games. The findings of Study
1 and the limitations of the current Ul design in League of
Legends informed the design of in-game tools in Study 2.

5.1 Methodology

Implementation

Prototypes of interactive in-game tools were implemented
in Unity. In terms of UL, these tools mimicked the UI style of
the LOL client, using a high-resolution in-game screenshot
as a background image to give participants an immersive
experience. All buttons, drop-down boxes, and text entry
fields were interactive. These tools only demonstrated design
concepts and were not built into the LOL game client. In the
Experiment section, I used video recordings of the entire
process of using each tool as demonstration videos in the



survey, rather than the interactive prototype, to control for
the fact that every participant followed the correct procedure
for using the tools.

5.1.1 Theory-Guided In-Game Tools Design.

Distract: This tool allows bystanders to create an interactive
shared goals button to distract toxic players and victims from
arguments and bullying. It enables bystanders to create a
shared goal for the team and invite players to vote for it.
For example, in-game events (Drakes, Bashor, River Crab)
or strategies (4-1 Split Push, 1-3-1 Skesplit Push, call out
teamfight) that require collaboration and communication, as
shown in Figure 5. This tool aims to intervene in the ongoing
toxicity by interrupting it.

Moderate: The bystander can apply intervention directly
by clicking the "moderate" button to address the toxic behav-
ior. This "one-click shout-out" feature allows bystanders to
select pre-set messages from a pop-up list and send them in
the chat, as shown in Figure 6. The pre-set messages use a
diplomatic and gentle tone to emphasize that toxic behavior
is unfriendly, harms winning the game, and politely request
a stop to toxic behavior. The design concept of this tool is
inspired by both 'Direct’ and 'Delay’ strategies: to confront
the toxicity but in a mediating way. A system-vetted mes-
sage list reduces expressive risks, and the shortcuts provide
convenience for interveners, as some participants reported
that they had difficulty multitasking in the laning phase or
small-scale group fighting.

Broadcast: The Bystander can report the toxic player and
click the "Broadcast" button to immediately send all people
a notification of the report, as shown in Figure 7. This tool
acts as a warning against toxic players by making their tox-
icity known to everyone to encourage a reduction in toxic
behavior. It enables bystanders to call out the name of the
toxic behavior and its perpetrator. Simultaneously, it enables
victims to perceive positive support through bystander in-
tervention. The 'Direct’ strategy in 5D inspires this tool.

Document: Bystander can click the "Export" button to ex-
port game replay videos including its in-game chat messages
and all players in the same team will receive a notification
that the video is exported, as a warning to toxic players that
their behavior is being recorded and may be posted on social
media, as shown in Figure 8.

PrivateMessage (PM): The private Message (PM) tool allows
the bystander to send pre-set friendly messages privately and
quickly to the victim, which can console the victim player,
as shown in Figure 9. The design concept of this tool is also
inspired by 5D’s 'Delay’ strategy, but focuses on another
aspect: supporting the victim. In real life, people don’t al-
ways have the chance to intervene promptly; however, in
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the fast-paced progress of the game, players who want to
intervene in the form of support for victims can send texts
by themselves if they are able to type fast, or send a preset
support message with a single click in PM when they are
busy. Meanwhile, the LOL client has already implemented
the function that automatically detects toxic behaviors and
sends a comforting message to all players, except the toxic
player, at the end of the game.

Delegate: The delegate tool allows bystanders to request
help from the team for the victim, as shown in Figure 10.
The 'Delegate’ strategy in 5D inspires this tool.

Tool1: Distract

Tool2: Moderate

Figure 6. Moderate-Screenshot of tool design

Tool3: Broadcast

Figure 7. Broadcast-Screenshot of tool design



Tool4: Document

ToolS: Private Message

Figure 9. PrivateMessage-Screenshot of tool design

Tool6: Delegate

Figure 10. Delegate-Screenshot of tool design

5.1.2 Evaluation of In-game Tools Effectiveness. In
this study, I conducted a quantitative study to evaluate the
effectiveness of in-game tools in supporting the victims. The
baseline is a simulation of current in-game UI systems in
League of Legends, with no support tools.

1) Participants: This study recruited 31 participants for evalu-
ation. The chosen number of participants applied the Central
Limit Theorem (CLT), which suggests n>30 is a size that en-
ables a normal distribution in the sample group. Participants
self-identified as gamers of League of Legends and have at
least a basic understanding and experience with in-game
toxicity. 11 participants were recruited among the Utrecht
University students. 20 participants were recruited from Pro-
lific, which is a platform that allows researchers to easily
find vetted research participants. Each participant from Pro-
lific was rewarded 6.70 euros per hour. After examining the
data, 2 outliers (one participant gave the same answer to all
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scales, and one participant gave nonsense answers to open
questions) were removed, leaving 29 valid responses (men
= 18, women = 11). The remaining 29 participants are be-
tween 18 and 44 years old (18-24 years old = 13, 25-34 years
old = 15, 35-44 years old = 1). The majority had reported
abundant video game-playing experience (over 15 years =
12,10-15 years = 9, 5-10 years = 3, 3-5 years = 2, 1-3 years = 3).

2) Procedure: After informing the participants of study infor-
mation and providing informed consent, participants were
asked to complete a survey on Qualtrics. First, they answered
demographic questions to confirm they have enough game
experience of League of Legends, and were asked to watch 7
demonstration videos and fill in corresponding Likert scale
assessment [27] of each to assess participants’ experience
about Baseline framework (without tools) and 6 levels of
tools: Distract, Moderate, Broadcast, Document, PrivateMes-
sage (PM), Delegate. The order of 6 tools videos and each
corresponding Likert Scale assessment followed the Latin
Square design. In the videos, a toxic dialogue was presented
in the scrolled view in the left corner of the interface to pro-
vide context for toxicity to viewers. Within each video, the
entire process of using each tool was presented to guarantee
participants comprehended how to operate each tool and
the nature of the feedback provided by each tool. At the end
of the survey, participants answered open questions about
the tools.

The Likert scale assessment [27] estimated players’ percep-
tions of the tools’ effectiveness in motivating intervention
and reducing toxicity from a bystander’s perspective. Three
statements of the Likert assessment are in the Table 3. Likert
scales covered multiple aspects: Intended Use, Willingness to
Intervene, and Confidence in Intervening. Intended Use mea-
sures the overall ease and efficiency of bystanders’ interac-
tion with tools. Willingness to Intervene measures to what
extent tools can motivate bystanders to intervene when en-
countering toxicity. Confidence in Intervening refers to the
degree of self-assurance bystanders feel about intervention.

3) Analysis: I conducted repeated measures ANOVA among
Baseline and 6 tools. Analysis of the 3 items of tools’ effec-
tiveness, including Intended Use, Willingness to Intervene, and
Confidence in Intervening was reported.

5.2 Results

To answer the RQ3: Are in-game tools effective in motivating
bystanders to help the victim of toxicity? I conducted three
separate repeated measures ANOVA with 1 factor (six tool
levels and a baseline: Distract, Moderate, Broadcast, Docu-
ment, PrivateMessage (PM), Delegate, each ANOVA focused
on the 3 items in the 7-point Likert questionnaire: Intended
Use, Willingness to Intervene, and Confidence in Intervening. 1
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Table 3. Likert Scale Assessment

Statements Strongly  Disagree Somewhat Neither Somewhat Agree Strongly
disagree disagree agree nor agree agree
disagree
I would use this in-game tool to combat o o ° o o ° o
toxicity during my gameplay.
This in-game tool increases my willing- o o o o o o o
ness to combat negative behavior/assist
my teammates when they need help in the
game.
This in-game tool enhances my confidence o o ° o o ° o
in intervening in toxic situations.
checked the sphericity and conducted Huynh-Feldt correc- 607
tions when its sphericity was violated and € > 0.75. When 5.5 -
€ < 0.75, the Greenhouse-Geisser correction is used. I also 50 4
conducted post-hoc tests with Bonferroni correction and 45
reported the significant differences between each tool’s ef-
fectiveness. 01
Descriptive plots of tools’ Intended Use, Willingness to In- 3.5 7
tervene, and Confidence in Intervening are in Figure 11, 12, 30 -
13. Basc‘aline Dist‘ract Mod"erate Broat‘icast Doct,:ment P‘M DeI;gate

6.0

I |
Baseline Distract ModerateBroadcastDocument

1
PM  Delegate

Tool Level Factor

Figure 11. Intended Use descriptives plot. Error bars indicate
95% confidence intervals.

5.2.1 Likert Scale Factor 1: Intended Use. Regarding the
Intended Use item of tools, table 4 shows there is a significant
difference among tools (F(4.494, 125.845) = 2.363, p = 0.050,
n? = 0.078) after Greenhouse-Geisser correction (¢gg = 0.749).
The sphericity is violated (Mauchly’s Test p = 0.005 < 0.05).
For all 6 tools and the baseline condition, Post hoc tests after
Bonferroni correction in table 5 shows there is no significant
difference between each tool and the Baseline in terms of
Intended Use.

5.2.2 Likert Scale Factor 2: Willingness to Intervene.
Within subjects effects for Willingness to Intervene item in
table 6 indicate that there is no difference among different
tool levels (F(3.888, 108.858) = 1.355, p = 0.255 > 0.05, n?
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Tool Level Factor

Figure 12. Willingness to Intervene descriptives plot. Error
bars indicate 95% confidence intervals.

6.0

55—

I T T T T T

1
Baseline  Distract Moderate Broadcast Document PM Delegate

Tool Level Factors

Figure 13. Confidence in Intervening descriptives plot. Error
bars indicate 95% confidence intervals.

= 0.046) after Greenhouse-Geisser correction (¢ = 0.648).
Sphericity is violated (Mauchly’s Test p = < 0.001).

5.2.3 Likert Scale Factor 3: Confidence in Intervening.
Within subjects effects for Confidence in Intervening item in
table 7 indicate that there is no difference among different
tool levels (F(6.000, 168.000) = 0.922, p = 0.480 > 0.05, r]Z =
0.032). Sphericity is not violated (Mauchly’s Test p = 0.113 >
0.05).



Table 4. Intended Use-Within Subjects Effects

Cases Sphericity Correction Sum of Squares df Mean Square F P n?
Tool Level Factor None 34.069 6.000 5.678 2.363 0.032 0.078
Greenhouse-Geisser 34.069 4.494 7.580 2.363 0.050 0.078
Residuals None 403.645 168.000 2.403
Greenhouse-Geisser 403.645 125.845 3.207

Table 5. Post Hoc Comparisons - Tool Level Factor

Mean Difference SE t Cohen’sd pponf

Baseline Distract —0.069 0.400 —0.172 —-0.035 1.000
Moderate -0.310 0.418 —0.742 —0.159 1.000

Broadcast —1.069 0.468 —2.284 —0.547 0.633

Document —0.448 0.402 -1.115 —-0.229 1.000

PM —-0.379 0.386 —0.983 —-0.194 1.000

Delegate 0.345 0.442 0.780 0.176  1.000

Distract Moderate —-0.241 0.390 -0.619 —0.124 1.000
Broadcast —1.000 0.361 —2.768 —-0.512 0.208

Document —-0.379 0.464 —-0.817 —0.194 1.000

PM —-0.310 0.391 -0.794 —-0.159 1.000

Delegate 0.414 0.363 1.140 0.212 1.000

Moderate  Broadcast —0.759 0.241 -3.143 —0.388 0.083
Document —0.138 0.426 —-0.324 —-0.071 1.000

PM —-0.069 0.374 -0.184 —0.035 1.000

Delegate 0.655 0.413 1.586 0.335 1.000

Broadcast Document 0.621 0.448 1.386 0.318 1.000
PM 0.690 0.388 1.778 0.353 1.000

Delegate 1.414 0.445 3.175 0.724 0.076

Document PM 0.069 0.511 0.135 0.035 1.000
Delegate 0.793 0.398 1.992 0.406 1.000

PM Delegate 0.724 0.343 2.108 0.371 0.926

Table 6. Willingness to Intervene-Within Subjects Effects

Cases Sphericity Correction Sum of Squares df Mean Square F p n?
Tool Level Factor None 21.478 6.000 3.580 1.355 0.235 0.046
Greenhouse-Geisser 21.478 3.888 5.524 1.355 0.255 0.046
Residuals None 443.665 168.000 2.641
Greenhouse-Geisser 443.665 108.858 4.076

Table 7. Confidence in Intervening-Within Subjects Effects

Cases Sum of Squares  df Mean Square F p n*
Tool Level Factors 13.478 6 2.246 0.922 0.480 0.032
Residuals 409.094 168 2.435
Summary of Results In the results of study 2, in terms of highest: 1.069 higher than the Baseline on average, followed

Intended Use, the descriptive plot showed that the average by Document (0.448), PM (0.379), Moderate (0.310), Distract
scale of 5 tools is higher than Baseline. Broadcast tool is the (0.069). In contrast, the Delegate tool is 0.345 lower than the
16



Baseline. Repeated-measures ANOVA results showed a sig-
nificant difference among the tools. Post Hoc test results
suggested no statistically significant differences were found
between any two tool level factors.

Regarding the Willingness to Intervene and Confidence in In-
tervening scale, there is no significant difference between
baseline and tools.

Overall, with the current data and results of repeated-measure
ANOVA, the tools do not show any significant difference
between any tool and the baseline, but the mean difference
suggests a promising future for the Broadcast tool.

6 Discussion
6.1 Interpretation of Key Findings

In study 1, I found that 1) bystanders have a diverse per-
ception of toxicity, 2) their intervention behaviors were mo-
tivated by multiple factors (e.g., competitive drive to win,
empathy), but inhibited by barriers such as distrust in report-
ing systems and fear of escalation. In study 2, it was found
that players prefer to have more in-game intervention tools
than the current UI design.

The Broadcast tool emerged as the most promising in en-
hancing bystanders’ intervention. In contrast, the Delegate
tool performed poorly, potentially due to players’ distrust of
third-party mediation, which also corroborates the conclu-
sion from Study 1.

Findings of Study 1 confirm previous literature [22], indicat-
ing that toxic behaviors are strongly associated with play-
ers’ frustration arising from skill gap and perceived loss. It
demonstrates previous findings in [44]: Players barely use
the reporting function because they consider the reporting
system ineffective as well.

This research broads the current theories in two aspects:
1) Beyond the moral motivation ’sense of responsibility’ in
the traditional bystander intervention model proposed in
[9], bystander intervention could also be driven by practi-
cal objectives (e.g., increase the win chance of a game). 2)
The unique ’Schadenfreuder’ phenomenon: some players
take pleasure from spectating chaotic situations or others’
misfortune, reveals an unexplored behavioral pattern in gam-
ing contexts. This research provides practical insights for
game designers and community managers. First, 1) design-
ers should optimize the current Ul by adding intervention
tools. 2) Second, developers should optimize the reporting
system to give timely feedback to establish players’ trust. 3)
Upgrade the rewards to encourage more positive behaviors.
4) Build strict norms for streamers as their behavior shapes
the community’s circumstances.
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6.2 Limitations and Future Work

Sample Bias and Generalizability. The small sample size in
Study 1 could result in a lack of possible perspectives on
research questions. All participants were League of Legends
players, which threatens the generalizability to other games
(e.g., DOTA2). The gender ratio in Study 2 was not balanced
(18 males out of a 29 sample size), which may lead to over-
represented results for women.

Tool Design Scope. The current tool designs are conceptual
prototypes rather than loadable League of Legends plugins.
Meanwhile, the demonstration videos in the questionnaire
are video recordings, which makes these interactions not
sufficiently immersive.

Future studies can focus on comparing bystanders’ percep-
tions and responses to similar toxicity among different game
genres. A larger sample size for experiments will also be
great to help explore the significant tool level factor.

7 Conclusion

This project includes two studies. Study 1 aimed to investi-
gate bystander intervention insights and decision-making
in MOBA games when encountering toxicity. Study 2 aimed
to find ways to boost bystander intervention by designing
several in-game tools and examining their effectiveness. This
study reveals that bystanders in MOBA games perceive toxi-
city differently and employ diverse intervention strategies,
and in terms of Intended Use, the presence of intervention
tools is significantly better than the absence of tools. Multiple
incentives and inhibitors influence bystanders’ willingness
to intervene. Notably, game design factors, such as the trans-
parency and real-time feedback of reporting systems, heavily
influence players’ willingness to intervene.

These findings have implications for reducing and mitigating
toxicity in competitive online games, especially in the MOBA
gaming area. While this study was limited by its small sam-
ple size, it opens avenues for future research into exploring
bystander responses and interventions to toxicity in gaming.
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